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Abstract
I examine how courts condition the relationship between state-level public opinion 
and policy. The system of federalism in the United States allows federal and state 
courts to establish the types of policies that states are constitutionally allowed to 
implement. In particular, federal courts can set “federal floors” for policy, below 
which no states can go. State courts, in turn, can raise the level of this floor. Thus, 
both federal and state courts shape whether state policy can match the preferences 
of the median voter in a given state. Analyzing data on public opinion, judicial 
decisions, and state-level policy on the issue of abortion, from 1973 to 2012, I show 
that changes in the set of allowable abortion restrictions, according to the combined 
decisions of state and federal courts, significantly affect whether states implement 
majority-preferred policies. I also show that ignoring the influence of courts on the 
policymaking environment significantly affects the estimated level of policy congruence 
and thus conclusions about the scope of representation. These results demonstrate 
the importance of placing courts in the larger study of state-level representation.

Keywords
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abortion policy, public policy

Introduction

Due to the federal structure of government in the United States, the question of how 
well public policy aligns with public opinion is one that applies at both the national 
and state levels. Since Erikson, Wright, and McIver’s (1993) seminal Statehouse 
Democracy, and in contrast to previous conventional wisdom, scholars have amassed 
a sizable body of evidence showing that there exists a relatively strong, if imperfect, 
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relationship between state-level public opinion and state-level policy (Burstein 2003). 
Lax and Phillips (2012), for example, find not only strong levels of responsiveness 
between opinion and policy but also significant gaps in congruence between what state 
majorities want and what state legislatures provide. According to the broader literature 
on state-level representation, several political and institutional factors affect the likeli-
hood of responsiveness, including issue salience, campaign finance regulations, term 
limits, and direct democracy institutions (see, for example, Burstein 2003; Gerber 
1996; Lax and Phillips 2012; Page and Shapiro 1983).

In this article, I point to an omitted factor in the study of state-level representation 
that is consequential for conclusions regarding the extent and quality of representation 
in several policy domains: federal and state courts. The system of federalism, com-
bined with the sweeping power of judicial review, allows federal and state courts to 
establish and modify the types of policies that states are constitutionally allowed to 
implement. This power, in turn, means that courts can shape the extent to which state 
policy can match the preferences of the median voter in a given state.

Based on the structure of judicial federalism in the United States, I develop expec-
tations for how federal and state judicial decisions in a given policy domain shape 
state-level policy making. Based on the interpretation of the U.S. Constitution, federal 
courts—in particular, the U.S. Supreme Court—establish a minimal level of protec-
tion for individuals in a given area of the law, which states must meet. This level of 
protection thus serves as a federal “floor” for state policy. For example, according to 
the Supreme Court’s famous decision in Miranda v. Arizona, officers in every police 
department in the country must warn suspects of their right to remain silent. States are 
free to provide greater protections to suspects, but they cannot provide lesser. In addi-
tion, even when state legislatures meet the standard established by the federal floor, 
state judges can increase the level of protection beyond the federal floor—that is, they 
can raise the floor even further—based on their interpretation of their state constitu-
tion. Thus, the set of permissible policies for states, at a given point in time, will be 
defined by the interaction of rulings issued by federal and state courts. In turn, whether 
state legislatures can provide policies that align with the preferences of the median 
voter of a state will depend on the relationship between those preferences and where 
courts have established a floor for policy.

To test these expectations, I analyze data on public opinion, judicial decisions, and 
state-level policy on the issue of abortion. First, based on decisions rendered by fed-
eral and state courts following the Supreme Court’s 1973 decision in Roe v. Wade, I 
measure the constitutional level of protection—that is, the location of the combined 
federal/state floor—for seven types of abortion restrictions. Many states sought to 
implement these restrictions—such as parental consent laws and waiting periods—fol-
lowing the Court’s decision in Roe, which established a fundamental right of a woman 
to obtain an abortion. Since 1973, there has been significant variation across policies, 
across time, and across states (due to the decisions of state courts and lower federal 
courts) in whether each type of restriction is constitutionally permitted. Next, using 
multilevel regression and poststratification (MRP), I develop policy-specific measures 
of state-level opinion, for each of the seven restrictions, for every year from 1973 to 
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2012. Finally, I measure whether each state had a given restriction in place over this 
period, that is, whether a policy was both in effect and enforceable, based on judicial 
decisions regarding the given policy.

I find that while there exists significant variation across both policies and states in the 
level of public support for each restriction, the seven policies have been broadly popular 
over time. This means that the ability of states to match policy with opinion majorities 
has been greater in periods (and states) where a given restriction was constitutionally 
permitted. Using both aggregate and state-level analyses, I show this is indeed the case. 
For policies where either the courts have banned a given restriction, or in which its con-
stitutionality was unknown, there is a nonexistent and weak relationship between public 
opinion and policy, respectively. Conversely, for policies and periods where courts have 
allowed restrictions to be implemented, there is a strong—if imperfect—relationship 
between opinion and policy. This connection persists even when controlling for other 
predictors of abortion restrictions. Finally, I conduct an analysis of congruence between 
what opinion majorities prefer and whether state policy matches those preferences.

What are the substantive implications of these results? I show that ignoring the influ-
ence of courts on the policymaking environment significantly affects the estimated level 
of congruence and thus conclusions about the scope of representation. Whereas existing 
research has treated state legislatures as the sole vehicle for providing policies that are 
congruent with public opinion, I show that federal and state courts also play an important 
role in shaping the set of allowable policies, thereby mediating the relationship between 
the public and their elected representatives. Taken together, these results demonstrate the 
importance of placing courts in the larger study of state-level representation.

Courts, Federalism, and Representation

The question of how courts affect state-level representation is one that has been omni-
present in both the practice of American politics and in the political science and legal 
literatures on courts. With respect to the federal judiciary, questions of federalism have 
surrounded the federal courts since the founding. The Supreme Court’s 1793 decision 
in Chisholm v. Georgia, in which it ruled in favor of the executor of a South Carolina 
merchant who sued the state of Georgia over outstanding payments, led to an immense 
backlash from the states and the quick passage of the Eleventh Amendment. A century 
later, during the period surrounding the Supreme Court’s decision in Lochner v. New 
York (198 U.S. 45) in 1905, the Court struck down approximately 200 economic regu-
lations, under its interpretation of the due process clause of the Fourteenth Amendment 
(Friedman 2000, 1448). Less infamously, the Court’s decision in Brown v. Board of 
Education in 1954 struck down segregation statutes in several states. These types of 
decisions helped give rise to the famous “counter-majoritarian difficulty”—the norma-
tive tension that arises from unelected justices striking down the actions of elected 
officials (Bickel 1962; Friedman 2009). This question has spurred several literatures 
on the extent to which federal courts (mainly the Supreme Court) act in a counter-
majoritarian fashion (see, for example, Clark 2011; Epstein and Martin 2010; Segal, 
Westerland, and Lindquist 2011).
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Similarly, state courts in recent decades have actively weighed in on many impor-
tant and far-reaching state policies. For example, many state supreme courts have 
ordered legislatures to alter their school funding policies so as to reduce distributional 
inequalities across poor and rich jurisdictions (C. Berry 2007). State legislators have 
often criticized such decisions on representational grounds, arguing that courts have 
overstepped their bounds and have acted in a quasi-legislative manner (Reed 2003). In 
addition, many state courts (as well as federal courts) were responsible for striking 
down state bans on gay marriage (Kastellec 2016; Keck 2009).

Political scientists, in turn, have examined whether and to what extent state judges 
respond to state-level public opinion (Brace and Boyea 2008), and whether state court 
judges are constrained by legislative and gubernatorial preferences (Langer 2002). A 
separate line of inquiry has examined how selection methods, particularly variation in 
electoral institutions across elected judges, may influence state-level representation 
and accountability by judges (Bonneau and Hall 2009; Caldarone, Canes-Wrone, and 
Clark 2009; Gordon and Huber 2007). Both areas of research show how the combina-
tion of responsiveness to public opinion and electoral accountability help tie state 
court decision making back to public will.

For the most part, however, these literatures have run on parallel tracks to the lit-
eratures on state-level legislative representation discussed above. The result is that 
there has been little attention paid to the question of how courts may directly influ-
ence state-level representation by establishing and altering which policies are consti-
tutionally admissible. More specifically (and germane to the empirical application 
below), the lack of consideration of the role of courts in shaping state-level policy 
making can be seen in the sizable literature on state-level abortion policy. Numerous 
scholars have examined the relationship between public opinion and state abortion 
restrictions, and generally find substantial correlations between opinion and policy 
(see, for example, Goggin and Wlezien 1993, Kreitzer 2015, Norrander and Wilcox 
1999). This is particularly true in states with initiative processes (Arceneaux 2002). 
However, these articles do not account for the role of courts in shaping the connection 
between the two.1

Similarly, the vast literature on policy diffusion in the states (see, for example, F. S. 
Berry and Berry 1990; Shipan and Volden 2006) has also given little attention to the 
role of courts. There are two important exceptions worth noting—both of which exam-
ine abortion restrictions. First, Patton (2007) examines state adoptions of several abor-
tion restrictions and finds that the likelihood of adoption increases after the Supreme 
Court has deemed a given a type of restriction constitutional. Second, Hinkle (2015) 
examines how Supreme Court and circuit court decisions influence both the likelihood 
of policy adoptions and the extent to which states may borrow statutory text from other 
states. Collectively, these articles demonstrate that courts do play a role in influencing 
policy adoptions.

However, while these articles are important, they are not directly concerned with 
the question of representation. Both, for example, employ public opinion as a control 
variable and do not evaluate whether the decisions by federal courts to restrict or allow 
certain types of policies either enhance or detract from substantive representation at 
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the state level. In addition, because the articles do not employ policy-specific mea-
sures of opinion, they cannot conduct tests of congruence between public opinion and 
state-level policy. Finally, neither article considers the role of state courts in influenc-
ing state-level policy making.

A Judicial Federalism Framework

To understand how courts structure state-level representation, I turn to the judicial 
federalism framework presented in Kastellec (forthcoming).2 To summarize the frame-
work, voters have single-peaked preferences over a one-dimensional policy space, 
x x∈[0, ] . The policy space can be thought of as the “amount of protection” for a 
specified activity by an individual. In the abortion context, for example, a policy of 0  
means a complete ban on all abortions under any circumstances, whereas x  would 
mean a total protection of a woman’s right to obtain an abortion under any and all 
circumstances. Voters prefer state policies that are closer to their ideal point. So a voter 
who favors fewer abortion restrictions would prefer a policy closer to x , while one 
who favors more restrictions would prefer a policy closer to 0.3

In the absence of judicial activity, states are free to set policy anywhere on x . To 
foreshadow the empirical analysis, when courts have not weighed in on a given policy, 
we can say its constitutionality is unknown. While states may make policy in the 
shadow of their expectations of how courts will rule, when the level of protection is 
unknown, states are constitutionally free to implement any policy they wish. Of course, 
presented with a legal challenge to an implemented restriction, federal courts have the 
option of establishing a federal floor, based on their interpretation of the U.S. 
Constitution; denote such a floor F . Following the implementation of a federal floor, 
the set of allowable policies shifts to [ , ]F x .

What are the implications of the establishment of a federal floor? Suppose in the absence 
of judicial intervention, state policy perfectly reflected the median voter in each state 
(denoted mS).  If a federal court sets a floor, however, policies in the relevant jurisdiction 
below F  are now deemed unconstitutional; state policy is set at xs

*  = max{ },Fms .4 This 
means that all states where the median voter prefers policies “lower” than the floor see their 
state’s policy shifted to F.  Conversely, states where the median voter prefers “higher” 
policies—those above F—are unaffected by the federal floor. Thus, under the scenario 
where state policy perfectly reflected the median voter in each state, state policy will be 
(weakly) less representative of public opinion with a federal floor in place (compared with 
the absence of any federal floor).

Federal courts are not necessarily the last word on the location of the floor, how-
ever. Under the supremacy clause of the U.S. Constitution, state courts must respect 
floors set by the Supreme Court. However, state court judges can also decide that their 
own state constitutions grant greater constitutional protection to state residents than 
the level established by federal courts (Brennan 1977). Let SF  denote a floor set by a 
state court in state s , where SF ≥ F . The combined floor set by federal and state 
courts is thus max{ , }F SF .  In other words, the combined floor is the maximum of the 
federal and state minimums.
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While straightforward, the framework leads to two important implications. The 
first is that due to the structure of judicial floors, and the fact that courts can generally 
not set floors and ceilings, the effect of the introduction of a floor is asymmetric—
states with policies below the floor must shift policy to accommodate the floor, while 
states with policies above the floor are unaffected. Second, and relatedly, conditional 
on voter preferences, altering the location of the floor (in either direction) will poten-
tially affect state-level representation by changing the set of allowable policies that 
states can implement. In particular, if a majority of voters in a state (or states) are “low 
demanders” in the sense they prefer policies closer to 0, then lowering the location of 
the floor (or eliminating it altogether) will allow state legislatures to implement poli-
cies closer to (or exactly at) those preferences.

Examining Abortion Decisions, Policy, and Opinions

The adjudication and implementation of abortion restrictions are conducive to 
studying the interplay of judicial decisions, public opinion, and state policy mak-
ing for several reasons. First, the fight over abortion restrictions maps neatly into 
the policy space considered in the judicial federalism framework. As noted above, 
x  represents a total protection of a woman’s right to obtain an abortion, whereas 
0 represents a complete ban on abortions. Second, federal and state courts have 
been active in regulating the constitutionality of abortion restrictions for five 
decades; as I discuss below, the level of protection has varied significantly over 
time, allowing for leverage over the question of how shifting floors affect the 
implementation of state policy. Third, public opinion on abortion has been exten-
sively (if irregularly) polled since 1973, allowing for the development of accurate 
measures of state-level opinion both over time and across several types of abortion 
restrictions. Finally, as noted above, abortion has been a prominent issue in the 
study of state politics. As I discuss below, not accounting for the role of courts in 
state policy may have led to both some inaccurate measurement in studies of pol-
icy and potentially incorrect conclusions regarding the relationship between pub-
lic opinion and policy in this area.5

Courts played no role in the abortion arena until the 1960s, when lawsuits were 
brought in many states challenging the constitutionality of restrictive abortion 
statutes. As Kastellec (2016) documents, some state courts and lower federal 
courts struck down these statutes as unconstitutional, which effectively imple-
mented a floor of constitutional protection in those respective jurisdictions. In a 
majority of states, however, the nineteenth-century statutes were still in place 
when the U.S. Supreme Court weighed in with its decision in Roe v. Wade. 
Following Roe, states sought to regulate abortion within the confines of the tri-
mester framework. As different types of regulations emerged, federal and state 
courts adjudicated their constitutionality. The decisions by federal and state 
judges—particularly the justices of the U.S. Supreme Court—both established and 
shifted the set of allowable policies.

To study the effect of these determinations, I focus on the following seven restric-
tions, which, when enacted, have the described effect:
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•• Bans on public funding: The state to some extent restricts disbursement of pub-
lic funds to abortion providers, usually through Medicaid programs.

•• Waiting periods: Following consultation with her provider or after a woman 
provides her informed consent, she must wait a set period (of any length, but 
usually 24 or 48 hours) before she obtains an abortion.

•• Spousal consent provisions: Women must receive the consent of their husbands 
before obtaining an abortion.

•• Spousal notification provisions: Women must notify their husbands before 
obtaining an abortion.

•• Parental consent: Minors must obtain the consent of one or both parents to 
obtain an abortion.

•• Parental notification: Minors must notify one or both parents to obtain an 
abortion.

•• Partial-birth abortion: The state to some extent prohibits “partial-birth,” “late-
term,” or “dilation and extraction” abortions.

Data and Measurement

For each policy, I developed measures of constitutional protections, public opinion, 
and state policy, for the period 1973 to 2012. Further details on the data collection 
procedures for each can be found in the online appendix.

Measuring the level of constitutional protections.  First, for each of these policies, I mea-
sured the level of constitutional protection—that is, the location of the combined fed-
eral/state floor—assigned to each of these policies over time. Specifically, I began 
with the Supreme Court’s doctrine and read the Court’s relevant decisions on each 
policy in the post-Roe period, to determine the Court’s doctrine on the constitutional-
ity of each restriction over time. Next, I collected the available universe of federal and 
state court decisions that evaluated the constitutionality of the seven restrictions. For 
each decision, I coded whether the court allowed the restriction to remain in place or 
whether the court struck it down as unconstitutional.

Based on these measures, I constructed the level of constitutional protection for 
each policy—both across states and across time as follows. Beginning with the federal 
floor, I first measured the U.S. Supreme Court’s doctrine. For each policy, I coded for 
each year whether the constitutionality was either (1) unknown, because the Court had 
not adjudicated it yet; (2) unconstitutional or banned; (3) constitutional or allowed.6 
Whenever the U.S. Supreme Court has clearly banned or allowed a restriction, that 
determines the federal floor of protection, which is applicable to all states. Next, in 
periods where the Supreme Court’s doctrine was unknown, I determined the states in 
which lower federal courts (i.e., district courts and circuit courts) either ruled a given 
restriction constitutional or unconstitutional. Based on these decisions, I adjusted the 
level of protection from “unknown” to either “allowed” or “banned” for the states 
covered by these decisions.7 Finally, I coded whether a state supreme court—based on 
its interpretation of a given state constitution—had ruled a given restriction unconsti-
tutional during periods where the U.S. Supreme Court allowed it.
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Figure 1 depicts the constitutionality of each restriction, from 1973 to 2012. The 
initial regions without diagonal lines depict periods in which the U.S. Supreme Court’s 
doctrine was unknown; in such regions, the light gray blocks indicate the extent to 
which lower federal courts had struck down such policies—the height of these blocks 
indicates the proportion of states in which policies were found unconstitutional. Next, 
the regions with solid diagonal lines depict periods in which the U.S. Supreme Court 
banned a given restriction, while the regions with dashed diagonal lines depict periods 
in which the Supreme Court allowed a given policy. Finally, the solid dark blocks at 
the bottom of each plot that appear during the allowed periods indicated the proportion 
of states where state supreme courts held a given policy unconstitutional.

To give a concrete example of how federal and state courts combine to alter the set 
of allowable policies, consider waiting periods. The Supreme Court did not weigh in 
on the constitutionality of waiting periods until 1983. Between 1973 and 1983, lower 
federal courts struck down waiting periods in several states. In 1983, the Supreme 
Court ruled waiting periods unconstitutional, which prevented their implementation in 
any state. However, in 1992, the Court reversed itself; since then, waiting periods have 
been deemed constitutional, as a matter of federal law. Finally, looking at state courts, 
Tennessee judges struck down the state’s waiting period in 1998, effectively blocking 
the implementation of the restriction from that point forward.8

Focusing more generally on the level of protection established by the Supreme 
Court, Figure 1 depicts the well-known conservative shift in the Court’s abortion doc-
trine over time. Whereas several policies were ruled unconstitutional as of the late 
1980s, currently the only types of policies (among the seven) that are completely off-
limits to states are spousal consent and spousal notification laws. In addition, Figure 1 
shows that for many of the restrictions, a number of lower federal courts found them 
unconstitutional before the justices weighed in. Finally, the figure reveals that in a 
number of areas—particularly bans on public funding and parental consent/notifica-
tion laws—a number of state supreme courts have struck down bans as unconstitu-
tional based on state constitutions. Considered as a whole, Figure 1 shows a significant 
variation in the level of constitutional protections across time, policies, and states.

Measuring public opinion.  Next, for each policy, I sought to obtain the universe of avail-
able and usable polling data (i.e., polls with individual-level data) that asked respon-
dents about their opinion on the specific policies. That is, rather than using a single 
summary measure of opinion on abortion (see, for example, Brace et al. 2002; Nor-
rander 2001; Pacheco 2014), I develop specific estimates of opinion for each of the 
seven restrictions. The advantage of this approach is that I can measure the direct link-
ages between opinion and state policy (as mediated by the level of constitutional pro-
tections), which allows for direct tests of the relationship between majority opinion 
and policies (Lax and Phillips 2012). To this end, I searched for questions that specifi-
cally asked about opinion on a given policy and not just general opinion on abortion 
policy. For example, a typical question about opinion on spousal notification was 
worded: “Do you favor or oppose each of the following . . . A law requiring that the 
husband of a married woman be notified if she decides to have an abortion.”
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Figure 1.  The constitutionality of abortion restrictions, 1973–2012, as established by federal 
and state courts.

(continued)
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Only polls in which the underlying data were available and that data contained the 
state of residence for respondents were retained. I also coded demographic informa-
tion for each respondent, including their race, age, gender, and level of education. This 
procedure left me with 60 unique, usable polls—the first was conducted in 1977, the 
last in 2011. For computational simplicity, I drop respondents with missing data on 
any geographic–demographic predictors, or who did not answer “yes” or “no” to the 
given policy question.9 This procedure left me with 98,051 individual responses across 
all policy areas.

Given the structure of these data, estimating state-level opinion is not straightfor-
ward. Because these are national polls, larger states are overrepresented compared 
with smaller states. In addition, the temporal coverage is irregular, with most polls 
conducted after about 1990 (see the online appendix for further discussion of this 
issue). In addition, opinion on some policies has been polled more than others.

To illustrate the complexities with estimating state-level opinion from such data, it 
is useful to compare existing research that has produced state-level estimates of abor-
tion opinion. There are two points of comparisons to note. First, at what level is opin-
ion estimated—is it general opinion on abortion policies or is it policy specific? 
Second, how is state-level opinion estimated, given a particular choice of opinion?

Most researchers have estimated general attitudes of abortion, rather than opinion on 
specific policies. In addition, most estimates have been created using disaggregation—
that is, calculating mean levels of opinion by state either in a single survey with suffi-
cient sample sizes, or by pooling together several surveys to generate sufficient 
responses from states with smaller populations (Erikson, Wright, and McIver 1993). 
Brace et al. (2002), for example, use data from the General Social Survey to estimate a 
measure of opinion; they pool all responses from 1974 to 1998 on six questions and 
then use disaggregation to estimate an index of state opinion.10 Other scholars have 
used the American National Election Studies (ANES) survey of Senate races in 1988, 
1990, and 1992, which contained larger within-state sample sizes than most national 
surveys—using disaggregation, Norrander (2001) develops a general measure of abor-
tion opinion, while Gerber (1996) develops a specific measure of support for parental 
consent provisions.

While disaggregation is certainly useful, the method has its limitations. First, to 
generate reliable estimates of opinion in states with smaller population, it requires 
pooling many surveys together.11 As a result, it is difficult to develop dynamic mea-
sures of opinion at the state level. (Recall, for example, above that the Brace et al. 2002 

Note. The initial regions without diagonal lines depict periods in which the USSC doctrine was unknown; 
in such regions, the light gray blocks indicate the extent to which lower federal courts had struck down 
such policies—the height of these blocks indicates the proportion of states in which policies were found 
unconstitutional. The regions with solid diagonal lines depict periods in which the U.S. Supreme Court 
[USSC] banned a given restriction, while the regions with dashed diagonal lines depict periods in which 
the Supreme Court allowed a given policy. The dark solid blocks at the bottom of each plot that appear 
during the allowed periods indicated the proportion of states where state supreme courts held a given 
policy unconstitutional.

Figure 1. (continued)
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estimates are based on pooling responses across 25 years.) This limitation has spurred 
the growing use of MRP, which allows for reliable estimates of opinion using a much 
smaller amount of data.12 There are two stages to MRP. In the first stage, opinion is 
modeled as a function of demographic characteristics of respondents and geography 
(i.e., the state they live in), using random effects.13 In the second stage, the estimates 
are poststratified according to the true proportion of each “demographic–geographic” 
type in each state.

To date, most applications of MRP have been used to generate static estimates of 
opinion. Recent work, however, has shifted toward using the method to develop 
dynamic estimates. For instance, Shirley and Gelman (2015) develop dynamic esti-
mates of state-level opinion on the death penalty using a model that combines time-
series modeling with a multilevel approach. Caughey and Warshaw (2015) develop a 
group-level item-response model to estimate the overall liberalism of each state from 
1972 to 2012. Finally, Enns and Koch (2013) use MRP to develop state-level estimates 
of policy mood over time.

Turning to applications that estimate abortion opinion, Pacheco (2011; 2014) devel-
ops a “rolling-MRP” approach to generate dynamic estimates of opinion on several 
issues, including abortion. Specifically, using the General Social Survey (GSS) and 
the ANES, Pacheco develops state-level estimates of the proportion of Americans who 
favored legalized abortion regardless of the situation or who felt that abortion should 
always be permitted from 1980 to 1998. To measure dynamics, Pacheco conducts 
MRP within a “moving window” of the data—that is, sequentially implementing MRP 
over every possible consecutive five-year period.

While useful, there are two limitations to this approach. First, it requires the use of 
questions that are asked at regular intervals over time; as detailed in the online appen-
dix, a salient feature of my opinion data is that polls on particular policies are asked 
irregularly over time. Second, while using general questions on abortion tells us some-
thing important about public opinion, it is not straightforward how to map these esti-
mates to opinion on specific abortion regulations.14 For example, knowing that a 
person who thinks it should be possible for a pregnant woman to obtain a legal abor-
tion if she is married and does not want any more children—which would be a liberal 
position—does not tell us whether that person would favor parental notification laws 
or not, even if the two views are surely correlated. More generally, general indices of 
abortion policy correlate only loosely (in theoretical terms) with the choices that leg-
islators faced in implemented abortion restrictions following Roe v. Wade. (Similarly, 
the estimates developed in Caughey and Warshaw 2015 are based on a model that 
reduces overall liberalism among the public to a single dimension.)

One article that does measure opinion on specific abortion policies using MRP is 
Lax and Phillips (2012), who develop state-level estimate of opinion on support for 
laws mandating informed consent, parental consent, and parental notification; waiting 
periods; as well as laws barring partial-birth notification. These estimates are static, 
however, as Lax and Phillips use the estimates to study responsiveness between opin-
ion and state policies in a fixed period of time (i.e., around 2008).15 In addition, the 
authors do not model any correlation in opinion across these policies.16
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Accordingly, to estimate state-level opinion on the seven types of restrictions 
from 1973 to 2012, I develop a version of MRP that pools information across time 
and policies, in addition to demographics and geography. With respect to policy, 
for example, knowing whether a respondent supports a waiting period tells us 
something about her propensity to support parental notification, even if the rela-
tionship between support for the two types of restrictions is not deterministic in 
the population. With respect to time, a state’s opinion on a particular policy in 
1980 likely helps predict its support for that policy in 2000—even if it is possible 
that opinion will trend over time on some or all of the policies. This procedure 
results in estimates of opinion on each policy in every state from 1973 to 2012.17 
I also create national-level estimates of opinion, for each policy. Finally, I develop 
estimates of uncertainty for the opinion estimates, which I incorporate into the 
analyses below.

Formally, let i  denote individual responses, and let yi =1  denote a response in 
favor of a given restriction (I coded the data such that responses in favor of a given 
restriction are always coded 1). Let n  denote the number of respondents in the data. 
Let p , s , a , and e  denote, respectively, indices for policies, states, age, and educa-
tion. Let f  denote the four gender–race combinations: female black, female white, 
male black, and male white. Next, let t  denote a time trend; this variable takes on the 
value of the year the poll was taken minus 1977 (the year of the first poll in the data-
set). For computational efficiency, I center this variable by subtracting each observa-
tion from the mean in the dataset, such that the average value is zero. I employ two 
state-level predictors: denote the Caughey and Warshaw measure of liberalism as cw  
and the proportion of Catholics by state as cath.

I estimated the following model:
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The α ’s denote coefficients that only have varying intercepts. δ  and θ  denote, 
respectively, the varying intercepts and slopes for states, while φ  and ζ  do the same 
for issues. The ρ  terms capture the between-group correlations for states and policies. 
Finally, due to the inclusion of the state-level predictors, the model does not force the 
state intercepts and slopes to vary linearly with time (see Gelman and Hill 2006, 314).

I estimated the model in a fully Bayesian manner using the program Stan, as called 
from R, using the rstanarm package (Gabry 2016; Stan Development Team 2016a; 
2016b). I used weakly informative N(0,5) priors for each parameter. I ran the model on 
four separate chains for 500 iterations, and saved the last 250 iterations on each, to 
form a posterior sample size of 1,000. Standard diagnostics indicated good conver-
gence among the four chains. For every parameter, the potential scale reduction factor 
was less than 1.02, which indicates good mixture among the chains (Gelman and 
Rubin 1992). The effective sample size of the parameters ranged from 132 to 1,000; 
the minimum is well above the recommended number (Gelman et al. 2014); and for 
most parameters, the effective sample size is 1,000.18

The second stage of MRP estimates requires poststratifying the results from the first-
stage model, according to the true population proportion of “demographic–state” types. 
To do this, I use the population frequencies from the Census Public Use Microdata Area 
(PUMA) data for 1980, 1990, and 2000. I augmented this with data from the 2009 
Census American Community Survey (the 2010 PUMA sample was never released). To 
estimate frequencies between these years, I use simple linear interpolation. (For years 
after 2009 in the opinion data, I simply use the 2009 data.) The resulting combined 
dataset gives the estimated population frequency for every demographic–state type for 
every year from 1970 to 2012.

There are 3,200 combinations of demographic and state values: 50 states × 4 age groups 
× 4 education groups × 4 race–gender combinations. From the individual-response model, 
I first calculate the predicted probabilities of support for each demographic–state type, for 
every policy and every year. There are thus 3,200 demographic–geographic types × 7 poli-
cies × 40 years = 896,000 cells—which we can denote “demographic–state–year–issue” 
types—in which to make a prediction. Let j  denote a cell from the set of “demographic–
state–year–issue” types, each of which has a predicted value of supporting a given restric-
tion at a given point in time. Denote this prediction λλ , which comprises a matrix of 
896,000 rows and 1,000 columns (one for each draw from the posterior distribution).

The final step is to poststratify these predictions using the estimated population 
frequencies from the combined Census data, which we can denote N j . Let ω  denote 
an estimate of support in a given state s , for each policy ( p ) and year ( y ); ωω  is a 
matrix comprising 14,000 rows (50 states × 7 policies × 40 years) and 1,000 col-

umns.19 Then, ωω λλ� �
s
y p j s

y p
j j

j s
y p

jN N
{ , }

{ , } { , }

=
∈ ∈∑ ∑/ . The result is 1,000 estimates 

of opinion for every “state–year–issue” combination. I use the median estimate from 
the 1,000 draws to summarize the distribution of each combination.20 For example, the 
median estimated support (across all simulations) for parental consent laws in New 
York in 1990 is 73%, with a 95% confidence interval of [71%, 75%].
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Measuring state-level policy.  Finally, for each state–year combination, I measured 
whether a state had an active policy in place for each of the seven policies. To mea-
sure this, I relied on a number of sources, including reports by interest groups that 
monitor state abortion legislation and policy. (See the online appendix for complete 
details.) In practice, state policies that have either been directly struck down by a 
court (including lower federal courts or state courts) or whose unconstitutionality is 
implied by a relevant court decision remain “on the books”—I code such policies as 
“inactive.” Thus, active restrictions are only those that are legally enforceable by 
state officials.21

The National-Level Relationship Between Court Rulings, Policy, and 
Opinion

Before moving to a state-level analysis, it is useful to examine the national-level rela-
tionship between opinion and policy, as mediated by the set of allowable policies. 
Figure 2 is similar to Figure 1, but for the sake of visual clarity, I present only the level 
of constitutional protection established by the Supreme Court. The white regions 
denote unknown periods, the light gray regions denote allowed periods, and the dark 
gray regions denote banned periods. The solid horizontal lines depict national public 
opinion, for every year—the width of these lines reflects 95% confidence intervals. 
The figure shows that all of these restrictions have been broadly popular over time—
though, looking at overall opinions masks considerable heterogeneity across both 
states and policies.22 Average support for parental consent laws, for example, has 
remained steady at about 80%, whereas support for spousal consent laws has increased 
from about 50% in 1973 to about 60% in 2012.23

Given the broad support for these types of restrictions, state legislatures will be able 
to better match opinion majorities in “policy-years” where the courts have not deemed 
them unconstitutional. This is particularly true with respect to the Supreme Court, 
given its place atop the judicial hierarchy. Indeed this is what we see. The dashed hori-
zontal lines in Figure 2 depict the mean number of states with active policies in a given 
area, by year. The percentage of states with active restriction tracks national opinion 
levels much more closely in policies and eras where the Court has ruled them consti-
tutional. For example, spousal consent laws have been off-limits since 1976—no state 
has had such a law since then, even though majorities in many states would have pre-
ferred to implement such policies. Conversely, the Court has allowed bans on public 
funding of abortion since the 1970s; the average number of states with bans has closely 
tracked national opinion over time.

State-Level Responsiveness by the Level of the Federal Floor

Next, I examine responsiveness between state-level opinion and state-level policy, as 
a function of the level of protection. In analyzing these relationships, my purpose is 
less to causally identify the effect of courts and public opinion on state-level represen-
tation, and more to illustrate descriptively how judicial thresholds serve as an 
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Figure 2.  National-level opinion and policy over time.
Note. The figure is similar to Figure 1, but only depicts the level of constitutional protection established 
by the Supreme Court. The white regions denote unknown periods, the light gray regions denote 
allowed periods, and the dark gray regions denote banned periods. The solid horizontal lines depict 
national public opinion, for every year—the width of these lines reflects 95% confidence intervals. The 
dashed horizontal lines depict the mean number of states with active policies in a given area, by year.
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intermediary between opinion and representation. To this end, the congruence analysis 
I present below documents how not accounting for courts in studies of representation 
may lead to inaccurate assessments of the quality and extent of representation.24

The unit of analysis I employ from this point forward is “state–year–policy.” For 
each observation, a state either does or does not have a restriction in place. In addition, 
for each observation, I define three periods of constitutional protection; this is based 
on the coding discussed above and depicted in Figure 1. A “banned period” is one 
where either a federal court or a state court has ruled a given policy unconstitutional. 
An “unknown period” is when no court (with jurisdiction over a given state) has 
weighed in on a given policy. An “allowed period” is when a federal court has ruled a 
policy constitutional.25

Figure 3 depicts the relationship between state-level opinion and state-level policy. 
Each column, respectively, depicts banned, unknown, and allowed periods, while each 
row contains a given policy. For each panel, the horizontal axis depicts state-level 
opinion, while the vertical axis depicts whether a state had a given restriction in place. 
The solid diagonal lines at the top and bottom of each panel depict a “rug” showing the 
distribution of opinion in state–years where policies were and were not in place, 
respectively. Finally, the dashed lines depict the estimated curves from bivariate logits 
of restrictions on opinion.

Beginning with banned periods, the figure shows that for nearly every policy, no 
such restrictions have been in place, and thus there is zero relationship between public 
opinion and public policy. This can be seen in the absence of any rugs at the top of 
each panel for six of the seven policies.26 This is the case even though in most state–
years, majorities preferred each restriction to be in place. Turning to unknown periods, 
Figure 3 shows that many states had policies in effect during such periods. For most 
policies, the logit curves show a positive (if relatively weak) relationship between 
opinion and the likelihood of a restriction being in place (parental consent and notifi-
cation laws are the exception), meaning the likelihood of a state enacting a restriction 
increases as public support for that relationship increases. Finally, turning to the last 
column, for each of the five policies with observations in the allowed period, there is 
a strong (if imperfect) relationship between state-level policy and opinion—the logit 
curves are both positively sloped and fairly steep. (Spousal notification and consent 
laws have never been held constitutional by any court, and thus there are no observa-
tions during allowed periods for either of these policies). Thus, Figure 3 collectively 
shows that the relationship between public opinion and state policy is strongly medi-
ated by the level of constitutional protections afforded by both federal and state courts.

Modeling Restrictions

As Figures 2 and 3 show, there is significant heterogeneity in the data. This includes 
heterogeneity in the levels of public opinion across the seven restrictions, in the peri-
ods of time in which policies are more likely to be allowed by courts, and in the likeli-
hood that a particular policy is likely to be enacted by states, conditional on the levels 
of protection. In addition, Figures 2 and 3 make clear that other factors beside public 
opinion and constitutional levels of protection influence state-level policy making. 
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Figure 3.  The relationship between state-level opinion and policy, broken down by banned, 
unknown, and allowed periods.

(continued)
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During allowed periods, for example, many states have not had specific policies in 
place, even when state majorities have favored them—see, for instance, the large num-
ber of state–years in which parental notification policies have not been enacted, even 
though opinion majorities always favor them. Accordingly, I turn to a series of regres-
sion models that evaluates how the likelihood of restrictions covaries with judicial 
decisions as public opinion, after accounting for both these types of heterogeneity and 
other predictors of abortion policy at the state level.

With respect to the latter, I use the following variables as statistical controls, which 
are based on Kreitzer’s (2015) study of state-level diffusion in abortion policy.

•• Religious adherence rate: The proportion of a state’s population that are mem-
bers of a church in a given year.

•• Initiative process: Coded 1 if a state has an initiative process in place, 0 otherwise. 
Prior work has found greater responsiveness between opinion and policy in states 
with initiatives (Arceneaux 2002; Bowler and Donovan 2004; Gerber 1996).

•• Democratic women: The proportion of Democratic women in a state legislature 
in a given year.

•• Democratic governor: Whether the governor was Democratic or not in a given 
year.

•• Unified Democratic legislature: Whether both state legislative chambers were 
controlled by Democrats in a given year.

•• State income: The median income of a state in a given year.
•• State population: The state’s population in a given year. Both income and popu-

lation size have been found to be positively associated with policy implementa-
tion in some studies (Kreitzer 2015, 50).

The inclusion of these predictors helps to provide a benchmark for assessing the 
importance of courts for the implementation of state policy, relative to other well-
documented predictors of abortion policy.27

For each regression model I present, the unit of analysis is “state–year–policy”; 
thus, each state–policy combination can be thought of as a separate time series. The 
dependent variable is whether a restriction is in effect for a state–year–policy combi-
nation or not.28 To account for heterogeneity across time and space and policies, I use 
a multilevel modeling approach, in which I estimate models with random effects for 
states, years, and/or policies, depending on the main quantity of interest for each 
model (Beck and Katz 2007; Kreitzer and Boehmke 2016; Shor et al. 2007).29

Note. Each column, respectively, depicts banned, unknown, and allowed periods, while each row contains 
a given policy. For each panel, the horizontal axis depicts state-level opinion, while the vertical axis 
depicts whether a state had a given restriction in place. The solid diagonal lines at the top and bottom 
of each panel depict a “rug” showing the distribution of opinion in state–years where policies were and 
were not in place, respectively. Finally, the dashed lines depict the estimated curves from bivariate logits 
of restrictions on opinion.

Figure 3. (continued)
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Following the structure of the data presented in Figure 3, I define banned, allowed, 
and unknown periods as ones in which courts have, respectively, banned a given policy 
(for a given state–year combination), allowed a given policy, or where the level of 
protection is unknown. Because the probability of a restriction being in place during a 
banned period is effectively zero, from this point I drop observations during banned 
periods, and then evaluate the differences between allowed and unknown periods (as 
well as the role of public opinion, denoted state-level opinion, across these periods).30 
Excluding banned periods, there are 8,544 state–year–policy observations; restrictions 
were in effect in 3,324 of these observations (39%). Full descriptive statistics are pre-
sented in Section A-1 in the online appendix.

Incorporating uncertainty.  As noted above, the estimates of opinion are measured with 
uncertainty, and it is important to propagate this uncertainty into the regressions model 
of state policy making. To do so, I employ the “method of composition” (Treier and 
Jackman 2008, 215–16). As discussed above, the estimation procedure results in a 
posterior sample size of 1,000 for every state–policy–year combination. For each 
regression model I present (Table 1), I run 1,000 regressions, each time using a differ-
ent estimate of opinion from the posterior sample. Each of these regressions, of course, 
has its own uncertainty; I incorporate this by simulating the coefficients from the 
model one time in each draw, so as to build in the standard errors and covariances from 
the regression models into the estimates. The result is a distribution of 1,000 coeffi-
cients that fully incorporates the uncertainty from the opinion estimates.31

Regression results.  Table 1 presents six logistic regression models of abortion restrictions. 
There are three parallel sets of two models; in each set, the first model presents a regres-
sion without the control variables, while the second model includes them. To improve 
computational efficiency and to enhance the interpretability of the coefficients, I rescale 
each continuous predictor by centering them such that they have mean zero and by divid-
ing them by two standard deviations (Gelman 2008). The pairs of models vary by the 
types of random effects included in each set. To best estimate how a shift from an 
unknown period to an allowed period affects the likelihood of a state adopting restric-
tions, while controlling for all types of potential heterogeneity, Models (1) and (2) 
include random effects for states, years, and policies. Next, because within a given state–
policy combination, opinion does not vary much over time, it is difficult to estimate how 
shifts in opinion affect implementation, while also including state and policy random 
effects. Accordingly, Models (3) to (6) omit state random effects, which allows more 
easily for the predictive effect of public opinion to be estimated based on between-state 
variation. Finally, as described below, Models (5) and (6) include an interaction between 
allowed periods and state-level opinion. To account for heterogeneity across time and 
policies, these models include random effects for the interaction of Years × Allowed and 
the interaction of Policies × Allowed. In each model, the brackets depict 95% confidence 
intervals for the estimated coefficients (based on the simulations described above).

I first analyze how the likelihood of a restriction being in effect varies across the 
level of constitutional protection. Across all six models in Table 1, the coefficient is 
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positive, meaning that the probability of a restriction is greater during an allowed 
period, as opposed to an unknown period. In all but one of these models, the confidence 
interval excludes zero.32 Thus, even conditional on other predictors of abortion policy, 
and even accounting for heterogeneity across states, time, and policies, the level of 
constitutional protection significantly covaries with state-level policy making.33

Next, I analyze how the likelihood of a restriction being in effect varies with state-
level opinion. In Model (2), public opinion has no significant predictive effect on state 
policy making. However, as noted above, this model includes state random effects, 
meaning the model mainly leverages within-state variation in public opinion, for each 
state–policy combination. Because opinion does not vary much over time with each 
combination, Models (3) to (6) omit state random effects, which allows the coefficient 
on opinion to be based on between-state variation.

In Model (3), which does not include the control variables, the coefficient on state-
level opinion is positive and the confidence interval excludes zero. Model (4) adds the 
control variables, and the magnitude of the coefficient on opinion drops significantly, 
with the 95% confidence interval including zero (though it is greater than zero in 95% 
of simulations). However, this is not so surprising, given that public opinion is corre-
lated with many of the other predictors, such as Democratic control of legislature and 
the proportion of female legislature. In addition, the estimated influence of state-level 
opinion in Models (3) and (4) pools observations in both unknown and allowed peri-
ods. As seen in Figure 3, for several policies, the relationship between opinion and the 
likelihood of a restriction being in place is stronger during allowed periods.

Accordingly, Models (5) and (6) allow the influence of opinion to vary across 
unknown and allowed periods. In each model, the coefficient on state-level opinion 
depicts the correlation between opinion and restrictions, during unknown periods. The 
coefficient is positive and significant in Model (5) but is effectively zero in Model (6). 
This means that, conditional on the other predictors, there is no relationship between 
opinion and policy during periods in which courts have not yet weighed in. Conversely, 
the coefficient on Opinion × Allowed period is positive and significant in both models, 
meaning that there is a positive relationship between opinion and policy in periods 
where the courts have expressly ruled a policy to be constitutional. Thus, the results 
make clear that the mapping from public opinion to policy is conditional on how courts 
establish and alter the set of allowable policies.

Substantive Effects

How substantively important are these differences? To answer this question, I examine 
how the average probability of a restriction being in place varies across the level of protec-
tion established by courts. The left plot in Figure 4 depicts the predicted probability of a 
restriction being in place across allowed and unknown periods, for all seven policies indi-
vidually, as well as for all policies combined. The horizontal lines depict 95% confidence 
intervals. To calculate these probabilities, I use the results from Model (2) in Table 1. I set 
each covariate to its mean level in the overall data and use the respective random effect for 
each policy to account for heterogeneity in the baseline likelihood of enacted restriction.
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Beginning with the unknown periods, Figure 4 shows the likelihood of a restriction 
is always significantly greater than zero. This means that for each policy, the likeli-
hood of a restriction being in effect (ceteris paribus) is always higher compared with 
banned periods (where, recall, it is zero). However, Figure 4 also shows that these 
differences are much smaller compared with the increased probability of a restriction 
during allowed periods.34 For instance, the probability of a parental notification law 
being enacted by a state increases from .22 [.13, .37] during an unknown period to .51 
[.33, .68] during an allowed period. The other policies show less sizable but still sub-
stantively large increases. Combining all policies, the probability of a restriction being 
in place increases from .09 [.03, .30] to .30 [.11, .58] when the level of constitutional 
protection shifts from unknown to allowed.

Finally, the right panel in Figure 4 depicts the estimated difference in the probabil-
ity of a restriction, across the two conditions. That is, for each policy (and for all poli-
cies combined), the point estimate depicts the probability of a restriction conditional 
on an allowed period (again fixing the other covariates at their means) minus the prob-
ability of a restriction conditional on an unknown period. The differences range from 
about 5 percentage points to about 30 and are thus substantively significant. The 

Figure 4.  The predicted probability of a restriction being in place, across allowed and 
unknown periods.
Note. The left plot depicts the predicted probability of a restriction being in place across allowed and 
unknown periods, for all seven policies individually, as well as for all policies combined. The horizontal 
lines depict 95% confidence intervals. The right plot in Figure 4 depicts the estimated difference in the 
probability of a restriction, across the two conditions, along with 95% confidence intervals of those 
differences.
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horizontal line depicts the 95% confidence interval of the difference across the two 
periods; the confidence intervals—while wide for some policies—always exclude 
zero, and thus all the differences are statistically greater than zero.

Courts and Congruence

Having shown that courts significantly shape responsiveness of policy to opinion, I 
now examine how not accounting for the role of courts in altering the set of allowable 
policies may lead to inaccurate estimates of how well policy accords with majority 
opinion. In particular, I present a descriptive analysis of congruence. I define a state s  
as having policy p  being congruent with opinion in year y  if at least 50% of the state 
population favor a given restriction and it is in effect, or fewer than 50%  favor a 
restriction and it is not in place, and 0  otherwise. (For simplicity, I ignore uncertainty 
here and just evaluate the point estimates of opinion.) As discussed in Footnote 24, in 
most state–year–policy observations, support exceeds 50%, and thus the dependent 
variables of whether a restriction is in place and whether policy is congruent largely 
overlap. Nevertheless, a descriptive analysis of congruence is still useful for compar-
ing these results with other studies of congruence.

Figure 5 depicts the congruence of policy and opinion. The horizontal axis depicts 
rates of congruence in the data. The vertical axis breaks down these rates by policy 
type; “all policies combined” (indicated by the shaded region) presents the aggregate 
rates across policies. The solid circles depict congruence across all periods, that is, 

Figure 5.  The rates of congruence, by type of period selected for analysis.
Note. The horizontal axis depicts rates of congruence in the data. The vertical axis breaks down these 
rates by policy type; “all policies combined” (indicated by the shaded region) presents the aggregate rates 
across policies. The solid circles depict congruence across all periods, that is, across the entire dataset. 
The open circles depict congruence when banned periods are excluded, that is, in allowed and unknown 
periods combined. Finally, the triangles show rates of congruence just based on allowed periods.
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across the entire dataset. The (purple) open circles depict congruence when banned 
periods are excluded, that is, in allowed and unknown periods combined. Finally, the 
triangles show rates of congruence just based on allowed periods.

The figure makes clear that adjudication by courts affects conclusions regarding the 
degree to which abortion policy has been congruent with state-level majority opinion. 
Across all policies combined, the rate of congruence is only .26, meaning that for all 
state–policy–year combinations, policy has matched majority opinion only one out of 
four times. However, if we exclude banned periods—meaning we look only at periods 
where states could legally implement a restriction—congruence rises to .38. Finally, if 
we examine only observations during allowed periods, congruence increases to .52. 
(Looking at the individual restrictions reveals a similar pattern.) To give this result 
some context, this proportion is very similar to an overall level of congruence (.48) 
that Lax and Phillips (2012, Table 1) find across all the policies they study. Obviously, 
courts are not the only factor affecting congruence, as there remains a large gap 
between policy and opinion in many states, even during allowed periods. Yet they 
clearly play an important role in shaping the extent to which policy is congruent with 
majority opinion.

Discussion and Conclusion

In any constitutional democracy, courts play an important role in establishing which 
types of policies are constitutionally permissible. In this article, I showed that the abil-
ity of federal and states courts to change this set of permissible policies has significant 
consequences for both state-level policy making and state-level representation.

These results have important implications for studying state-level representation, 
and illustrate how ignoring the role of courts in the policymaking process may lead to 
inaccurate or incomplete substantive conclusions. Consider the results in Lax and 
Phillips (2012), who uncover what they call a “democratic deficit” in the correspon-
dence between state-level public opinion and state-level policies, due to the large 
degree of incongruence in several policy domains. Implicit in their article (and, as 
discussed earlier, most studies of state-level representation) is the notion that all of the 
policies under study could theoretically be enacted by a state legislature, as policies 
that have been ruled off-limits by courts are not included. For instance, the abortion 
policies that Lax and Phillips examine were either explicitly or implicitly ruled consti-
tutional by the Supreme Court as of the time of their study (ca. 2008). Had they 
included, say, spousal consent policies, which have been deemed unconstitutional 
since 1976, the level of policy–opinion congruence in the overall area of abortion 
would have declined significantly. Thus, with respect to abortion at least, the levels of 
congruence they identify likely constitute an upper bound, as the rate of congruence 
across all abortion policies is likely lower.

In addition, giving courts a role in state policy making can alter the apportionment 
of “blame” for such a democratic deficit. It does not make sense to blame state legis-
latures for not implementing spousal consent or spousal notification policies, even 
though they have been majority-preferred in many states, because those policies have 



Kastellec	 51

been ruled unconstitutional since 1976 and 1992, respectively. Yet studies of state-
level policy have not always recognized this distinction. For example, in constructing 
their measure of state policy liberalism over time, Caughey and Warshaw (2015) code 
several types of abortion restriction and whether each state has implemented them 
over time. Their data, however, sometimes fail to distinguish between choices made 
by legislatures and choices imposed by courts.35

To give one more example where judicial decisions over the set of allowable poli-
cies may confound conclusions regarding the correlates of state policy, consider 
Camobreco and Barnello (2008). They examine the relationship between abortion 
policy and public opinion over time (i.e., from 1983 to 2003), and find an increasing 
correlation over time. The authors attribute this change to the growing power of mass 
opinion over elite opinion. But the results in this article suggest that their finding could 
simply result from the fact the set of allowable policies has expanded significantly 
since the early 1980s (recall Figure 1), thereby allowing for greater matching between 
opinion and policy over time.

Given that this article has focused on a single policy area, it is worth speculating 
how widely applicable are the concerns I have raised about omitting courts from the 
study of state-level representation. On one end, there are matters of state law (such as 
tort law) where federal courts will have little to no role in establishing the legal param-
eters for state policy—though, of course, state courts will still play an important part 
in establishing levels of protections for individuals. On the other end, federal laws may 
preempt state laws, meaning that Congress may serve as the effective establisher of a 
federal law (subject to the extent, of course, that such laws are not struck down by 
federal courts). In the middle, however, lie a range of issues where both federal and 
state courts will jointly interpret the U.S. and state constitutions, including such impor-
tant and salient issues as criminal law, gay rights, labor law, and gender discrimination. 
As such, the theoretical and empirical framework I have employed in this article could 
easily be extended to a wide range of important issues. In particular, the version of 
MRP utilized in this article could be used to a study a wide range of issues where pub-
lic opinion is likely to be correlated across closely-related policies.36

From a substantive perspective, the results in this article should not lead to the 
conclusion that the introduction of constitutional floors by federal and state courts 
always hinders state-level representation. As several studies have shown, in many cir-
cumstances—such as when the legislative status quo in a given state lags behind 
changes in public opinion—courts can actually improve representation by shifting 
policy toward what state majorities prefer (see, for example, Kastellec 2016; Klarman 
1997; Whittington 2005). These studies, combined with the results in this article, col-
lectively show that the effect of judicial review and judicial decision on state-level 
representation is ambiguous—the power of courts in the United States is such that the 
actions of judges can have both representation-enhancing and representation-reducing 
effects. Evaluating this question requires careful analysis of the contexts in which 
courts are acting.

Moving forward, one context is the extent to which one would expect state lawmak-
ers to fully comply with judicial decisions. Rather than assuming perfect compliance 
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with federal and state court determinations of allowable policies, one could examine the 
conditions under which state lawmakers may attempt to circumvent them. Alternatively, 
state legislators may enact statutes that are clearly unconstitutional—and thus certain to 
be overturned by state and/or federal courts—in an effort to placate constituents who 
favor such policies. Another important context is the nature of judicial incentives. 
Whereas federal judges enjoy life tenure, most state court judges face reelection or 
reappointment, and thus their incentives to strike down state law may be directly 
affected by their popularity. Relatedly, whereas this article does not study federal and 
state courts as strategic actors, one could allow judges’ determination of the set of 
allowable policies to be influenced by the distribution of opinion—both within and 
across states. These are a few additional avenues through which courts can be further 
incorporated into the study of state-level policy representation.

Finally, this article can be usefully situated in the broader literature on the extent to 
which courts “matter.” The classic debate here centers around Rosenberg’s (1991) 
claim that courts have limited ability to affect social change, with Hall (2011) arguing 
for a more nuanced view that courts cans be effective agents of change under certain 
conditions. Whichever side one takes in this debate, this view of courts addresses their 
proactive ability to shape policy. What this article suggests is that even if courts may 
be ineffective (or only partially effective) at inducing broader social change, the indi-
rect effects of their ability to steer legislators toward (and away from) particular poli-
cies give judges an important role in the policymaking process.
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Notes

  1.	 In addition, as I discuss in the online appendix, these studies tend to use highly aggregated 
measures of public opinion on abortion, which do not allow for a fine-grained matching of 
policy-specific opinion with particular policies, as opposed to the approach I employ below.

http://www.princeton.edu/~jkastell/HowCourtsStructure/kastellec_sppq_final_web_appendix.pdf
http://www.princeton.edu/~jkastell/HowCourtsStructure/kastellec_sppq_final_web_appendix.pdf
https://dataverse.unc.edu/dataset.xhtml?persistentId=doi:10.15139/S3/XRNBW7
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  2.	 In addition to the results summarized in this section, Kastellec (forthcoming) uses the 
framework to study how, in the presence of status quo biases and/or cross-state externali-
ties, voters (in the aggregate) may actually benefit from the introduction of federal floors. 
These ideas are not pursued in the present article. However, based on the combined evi-
dence in the two articles (as well as other related works), in the conclusion I note that the 
effect of judicial oversight of state policies on overall voter welfare is ambiguous.

  3.	 In the empirical analyses presented below, the policies considered are all measured dichot-
omously—for example, does the state have a parental consent provision or not? The judi-
cial federalism framework can easily accommodate a binary policy space—in this case, the 
policy space would simply be {0,1} . I present the continuous version to emphasize the 
generality of the framework.

  4.	 Floors established by the U.S. District Courts only apply to the state in which the district 
court is located. Floors set by judges of the Courts of Appeals (i.e., “circuit courts”) gener-
ally apply to all the states in a given circuit. Finally, floors set by the U.S. Supreme Court 
apply nationally. I return to the idea of importance of this “level-specific” implementation 
of federal floors in the “Data and Measurement” section.

  5.	 At the same time, studying a single issue raises the question of how generalizable the find-
ings I present are across issue areas. I return to this question in the conclusion.

  6.	 An “allowed” period is analogous to what Glick (1994, 207) calls a “permissive” policy—
one “that give[s] lower courts, legislatures, and others very wide discretion in implementa-
tion.” In addition, in her study of the effect of the Court’s doctrines on state-policy diffusion, 
Patton (2007) uses an additional classification for years in which the constitutionality of a 
restriction is “suspect.” This occurs when the Court decision suggests a restriction might 
be unconstitutional but does not explicitly state so. Of the policies I evaluate, such a desig-
nation would be clearly appropriate only for one type of restriction (parental consent) and 
only for a few years (1977–1983), so I opt to use the simpler tripartite classification.

  7.	 As noted earlier, the precedent established by a circuit court generally applies to all states 
in that circuit. However, a decision by a circuit court that applies to a single state is not 
self-executing in other states in the circuit but rather requires a separate challenge. In the 
results I present in the article, I assume that a ruling of unconstitutionality only affects the 
state whose restriction is being adjudicated. However, I replicated the results assuming 
that circuit court decisions are binding on all states in the circuit, and all the results hold 
both statistically and substantively As an additional robustness check, I also replicated the 
results using only the U.S. Supreme Court’s doctrine, which has the effect of more observa-
tions being coded as “unknown” (as the Supreme Court only weighs in after lower federal 
courts). These results were also substantively and statistically the same. (See Section A-5 
in the online appendix for these results.)

  8.	 In 2014, Tennessee voters passed a constitutional amendment that effectively reversed a 
2000 decision by the Tennessee Supreme Court upholding a lower court’s determination 
that a waiting period violated the state constitution. In 2015, the governor signed a 48-hour 
waiting period into law. However, the voting procedures for the constitutional amendment 
are currently being challenged in federal court.

  9.	 Across all seven policies, the missing rate in terms of the policy questions was less than 
10% for every policy except spousal consent, for which the rate was 15%.

10.	 Arceneaux (2002) uses this measure in his study showing that states which have initiatives 
and referenda are more responsive to public opinion on abortion policy.

11.	 Or, alternatively, only analyzing opinion in large states—see, for example, Cook, Jelen, 
and Wilcox (1993).
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12.	 See Lax and Phillips (2009) and Warshaw and Rodden (2012) for validations of the method.
13.	 By random effects (or “‘modeled effects,” to use the terminology from Gelman and Hill 

(2006, 246), as distinct from “fixed” or “unmodeled” effects), I mean a model where 
group-level intercepts and/or slopes are “assumed to follow a probability distribution, with 
parameters estimated from the data” (Clark and Linzer 2015, 401].

14.	 The GSS has asked the following battery of abortion questions since 1972 (more or less). 
“Please tell me whether or not you think it should be possible for a pregnant woman to 
obtain a legal abortion if

a.  There is a strong chance of serious defect in the baby?
b.  She is married and does not want any more children?
c.  The woman’s own health is seriously endangered by the pregnancy?
d.  The family has a very low income and cannot afford any more children?
e.  She became pregnant as a result of rape?
f.  She is not married and does not want to marry the man?
g.  The woman wants it for any reason?”

15.	 Another article that develops policy-specific opinion is Norrander and Wilcox (1999), which 
uses disaggregation to develop specific opinion estimates on parental consent restrictions and 
funding bans. These estimates are based on the 1988, 1990, and 1992 versions of American 
National Elections Study, which have the advantage of containing sufficiently large samples 
in each state to allow for disaggregation. Nevertheless, the estimates are static.

16.	 In practice, however, state-level opinion across the abortion policies in their data is sub-
stantially correlated; the pairwise correlations range from .71 to .92.

17.	 I exclude Washington, DC, from all analyses in this article.
18.	 As a robustness check, I estimated the model using the GLMER command in R (Bates 

2005), which is “approximately” Bayesian and only returns point estimates, rather than 
full posterior distributions. The median parameter estimates from the Stan model were very 
similar to the point estimates returned by GLMER. However, the fully Bayesian approach 
naturally provides estimates of uncertainty, and so I rely on those estimates throughout.

19.	 I drop observations for partial-birth bans before 1995, because that was the first year such a 
ban was implemented. This leaves me with 12,900 rows or state-year-policy combinations.

20.	 The correlation between the estimates using the mean of the draws and the estimates based 
on the median is .94.

21.	 This measure, by construction, assumes that states comply with judicial decisions. In prac-
tice, states may either directly resist or attempt to circumvent judicial invalidation of state 
legislation. I focus on de jure law for both practical and conceptual reasons. First, from 
a practical standpoint, it is difficult to measure in a valid and reliable way state compli-
ance with judicial decisions in the abortion context across a wide range of policies. (See 
Silverstein 2007 for a clever qualitative—but, unfortunately, nonscalable—approach to 
measuring compliance with the U.S. Supreme Court’s parental consent doctrine.) From a 
conceptual perspective, my aim is to situate the analysis within the broader literature on 
state policy, which almost exclusively focuses on “law on the books” as opposed to “law on 
the ground.” A worthwhile extension of this article would be to allow for state evasion of 
judicial doctrine and to examine whether such evasion is done in a manner consistent with 
majority opinion.

22.	 The general popularity of these restrictions does not mean that every potential or actual 
abortion restriction is or has been popular—though, according to Leonhardt’s (2013) 
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reading of the longitudinal data on abortion public opinion, “most Americans support abor-
tion access with some significant restrictions.” For instance, the last several years have 
witnessed a wave of antiabortion restrictions being implemented by states, such as requir-
ing women to undergo ultrasound before obtaining an abortion (Devins 2016); some of 
these are likely unpopular. (In June 2016, the Supreme Court struck down a Texas law that 
contained several of these types of newly implemented restrictions, such as requiring phy-
sicians who perform abortions to have admitting privileges at a nearby hospital.) Polling 
on these issues remains relatively scant, however, and my goal is to focus on restrictions 
that are “old” enough such that both sufficient polling exists and for which federal and state 
courts have been active in ruling on their constitutionality.

23.	 Inspection of the state-level estimates shows that this temporal stability has been broadly 
prevalent at the state level, as well as the national level. This finding of both national and 
within-state stability is consistent with prior research—see Luks and Salamone (2008) and 
Pacheco (2014).

24.	 Responsiveness refers to the degree to which variation in opinion correlates with policy, 
while congruence refers to whether policy matches what opinion majorities prefer (Canes-
Wrone 2015; Lax and Phillips 2012). Because of the broad support for the seven abortion 
restrictions, for the vast majority of state-year-policy observations, support exceeds 50%. 
(Considering only the point estimates of opinion, for 96% of observations, support exceeds 
50%. Across all 12,900,000 combined draws of opinions from the posterior distribution, 
95% of the estimates are greater than 50% support.) Thus, to examine the correlates of 
responsiveness, congruence would effectively analyze the same quantity. However, in the 
“Courts and Congruence” section, I conduct an analysis of congruence to demonstrate 
more directly that the failure to consider the role of courts in shaping policy leads to inac-
curate estimates of congruence.

25.	 In theory, a state court could weigh in on the constitutionality of a restriction before a fed-
eral court does. In practice, challenges to each policy were always brought first in federal 
courts, with litigants turning to state courts only after the U.S. Supreme Court had upheld 
a particular policy as constitutional.

26.	 The exception is bans on partial-birth abortion. The reason is that when the Supreme Court 
struck down such bans, it did so in part because most states that had implemented them 
did not provide for a health exception. A handful of states did have bans that contained 
such exceptions (enacted before the Supreme Court weighed in), and thus their policies 
remained in effect even after the federal courts struck state bans without health exceptions. 
In the other six policy areas, the policy choice is sufficiently blunt that no states had such 
policies in effect during banned periods.

27.	 One potential objection to focusing on this set of control variables is that they do not include 
any measures of judicial preferences, beyond the fact that the set of allowable policies is 
determined (in part, at least) by such preferences. Foresighted legislators may look not just 
to existing law when enacting policy but also may try to rationally anticipate whether courts 
will strike down legislation if passed (Langer and Brace 2005). I choose to focus exclusively 
on the set of allowable policies for both conceptual and practical reasons. Conceptually, my 
interest is in examining how the actual decisions of courts affect representation and not the 
threat of potential invalidations. At the same time, note that to the extent that legislators 
choose not to pursue policies that are popular with the public out of fear of judicial reversal, 
the results below will understate the effect of courts on constraining representation. From 
a practical standpoint, the fact that state legislators have to anticipate the decisions of both 
federal courts (at every level of the judicial hierarchy) and state courts would complicate 
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the measurement of judicial preferences, as we do not have existing measures that place all 
judges on the same scale (let alone on the same scale as state legislators).

28.	 Studies of policy diffusion generally only examine the initial decision by a state to imple-
ment a policy (see, for example, Hinkle 2015; Kreitzer and Boehmke 2016; Patton 2007). 
In such “event history” analyses, once a state adopts a policy, they exit the dataset (and the 
analysis). Because the set of allowable policies is shifting over time, and because some-
times states alter their policies (in both directions), it is important to analyze state policy 
making beyond the initial adoption decision. Accordingly, I pursue a time-series cross-
sectional approach, and examine the implementation of restrictions across the full time 
period, for every state.

29.	 Note that the inclusion of random effects for years helps account for the fact that allowed 
periods have generally started after 1973 and thus are correlated with time.

30.	 Technically, the fact that some states enacted partial-birth bans even during the periods 
where courts had banned most such bans (see Note 26 and the bottom-left panel in Figure 
3) allows for the estimates of a regression model of restrictions using all observations, 
including those during banned periods. However, the “identification” of such a model 
would rest on the 37 state–years in which states had enacted partial-birth restrictions dur-
ing the banned period (out of 4,356 total observations during banned periods), and thus it 
seems more prudent to assume the probability of a restriction during a banned period is 
zero, and evaluate the likelihood of restrictions across nonbanned periods.

31.	 The models in Table 1 are estimated using the GLMER function in R (Bates 2005). To simu-
late the coefficients, I use the sim function from the ARM package (Gelman et al. 2015).

32.	 In Model (5), the confidence interval on allowed includes zero, but this model includes an 
interaction between allowed and state-level opinion, so the interpretation of the main effect 
is less straightforward than in Models (1) to (4). However, even in Model (5), 94% of the 
simulated coefficients on allowed are greater than zero.

33.	 The control variables operate largely as expected. Increases in the following predictors 
are significantly correlated with an increased likelihood of restrictions, ceteris paribus: 
a greater proportion of religious adherents in a state and states with initiative processes. 
Increases in the following predictors are significantly correlated with a decreased likeli-
hood of restrictions, ceteris paribus: the proportion of Democratic women in a state legis-
lature, unified Democratic legislatures, states with lower median incomes, and states with 
smaller populations.

34.	 Recall from Figure 3 that there are no allowed periods for spousal consent and notification 
laws. The estimates for these policies in Figure 4 (during allowed periods) are thus com-
pletely model-based.

35.	 For example, New Jersey is coded as having full Medicaid funding for abortions since 1980, 
and these observations are used to estimate that state’s overall policy liberalism. However, 
this policy exists (at least in part) because a state court struck down the state’s ban on fund-
ing in 1982, and so the ban was judicially imposed. (Note that abortion restrictions comprise 
a small percentage of the overall number of state policies that Caughey and Warshaw (2015) 
examine, and so the force of my point is likely more conceptual than practical.)

36.	 Another potential limiting factor of this article is that abortion opinion has been largely 
stable over time. Areas with more dynamic opinion raise the possibility of certain policies 
moving in and out of both the set of allowable policies and switching from majority-pre-
ferred to majority-disfavored. See, for example, Kastellec (forthcoming), which examines 
how shifting public opinion on gay marriage over time changed the relationship between 
public opinion and judicial invalidation of state same-sex marriage bans.
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